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Fig. 3
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dotted line, I =0. 2, S=0. Other parameters are the

Effects of varying external input on single

same as that in the experimental part.
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Fig.4 Experimental results.

Took 7000 integration steps.
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Multiple Object Segmentation in Binary Images
by Oscillator Neural Networks (OSNN)

Wang Lei',Mo Yulong?,Qi Feihu®

‘ (1. Dep. of Computer science and Technology,Shanghai Jiao Tong University,Shanghai 200030)
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Abstract This paper proposes a method of segmenting numbers and characters from the background

in the binary images based on locally excitatory and globally inhibitory oscillator neural network (OSNN)

which was built according to the visual model. It also discusses the mechanism of object/background seg-

mentation made by the neural net and the problem of how to selecting parameters resonablely in detail.

Keywords Object segmentation, Oscillator neural network



